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Abstract:
Background:
Moderate to very large correlation between internal training load, external training load, and recovery status have been reported in elite youth
football. However, little is known about subelite youth football training environments.
Objective:
The purpose of this study was to assess the association between training load and recovery status in young subelite football players.
Methods:
Twenty under-15, twenty under-17, and twenty under-19 players were monitored over a 6-week period during the first month of the 2019-2020
competitive season. The global positioning system technology (GPS) was used to collect external training load variables. The internal training load
variables were monitored using the rating of perceived exertion (RPE) scale and session RPE (sRPE). The recovery status was assessed by the total
quality recovery (TQR). A total of 18 training sessions and 324 observation cases were collected.
Results:
Small to moderate correlation between internal and external load was observed (r = -0.316 to 0.136, p < 0.05). Correlations between recovery
status and external load were moderate for U15 (r = -0.326 to -0.240, p < 0.05), U17 (r = -0.316 to 0.136, p < 0.05) and U19 (r = -0.301 to 0.282, p
< 0.05). The association between perceived exertion and external training load is only significant for U19 subelite football players.
Conclusion:
Current research suggested that subelite youth football players were more likely to have lower capacity to judge training exertion. Additionally,
recovery status was positively correlated with acceleration and deceleration movements. This study provides a new overview about training load
and recovery in subelite youth training environment. Future researche should examine the between- and within-individual nonlinearity across
training load and recovery variations.
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1. INTRODUCTION
Youth football is organized by age grouping for training
and competition [1 - 3]. Literature reports inter-and intraindividual variation in psychophysiological along the youth
development [4]. Consequently, psychophysiological profiles
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may vary between and within age groups [5 - 8], leading to a
functional adaptation under training stimulus depending on
individual responses with an age-related effect [9 - 11].
Moreover, it was reported that is the main reason for
monitoring training load, providing important information
about individual responses [12]. It is possible to quantify the
training load by external and internal loads [13 - 15]. The
external load is defined by the physical work performed during
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training or competition, whereas the internal load expresses the
psychophysiological responses that the body initiates to cope
with the requirements elicited by the external load [14]. Global
positioning systems (GPS) and micro-electromechanical
systems (MEMS) have been used to monitor the external
training load [16, 17]. In football, the external training load has
been extensively evaluated by covering distance, speeds,
acceleration (ACC), decelerations (DEC), and accelerometry
variables [18, 19]. Also, the typical accumulated training load
has already been evaluated in young elite and sub-elite football
players [5 - 10]. In sub-elite youth training, an age-related
influence on external and internal training load has been
reported [7, 10]. Teixeira et al. [7] were founded the lowest
intensity has been found in U15 players’ training sessions
regarding high speed running (HSR), average sprint distance
(AvS), number of sprints, ACC and DEC. U17 presented a
higher total distance (TD), AvS, max speed, rHSR, high
metabolic load distance (HMDL), average sprint and number
of sprints. U19 showed a higher perceived exertion and
recovery status [7, 10].
Several studies reported a moderate correlation between
internal and external load in elite youth football [20, 21].
Understanding the associations between measures would
appear important to define the most appropriate monitoring
strategy. However, this relationship remains little studied in
sub-elite football training contexts [19, 22]. Indeed, these
instruments and technologies are not available in many
contexts (social, demographic, and economic), and some teams
do not own tracking systems and wearable technologies [22].
Thus, the rating of perceived exertion (RPE) is the most
commonly used technique to measure the internal training load
[23]. RPE and session RPE (sRPE) is a valid and reliable tool
to assess training intensity in youth football [23 - 25].
According to Haddad et al. [23], RPE describes the mean
intensity during that training session or competition. In the
same vein, the sRPE method aggregates the intensity and the
duration of the training session (or competition) to calculate the
training load or match load [22, 23]. Additionally, large
correlations were reported between perceived exertion and
external load indicators in youth football training [20, 21, 26].
Marynowicz et al. [21] recently referred to daily sRPE as a
useful, straightforward, and cost-effective training load
measurement in youth football.
However, the literature did not report a single or gold
standard metric to assess fatigue recovery status and predict
physical performance [27]. Total quality recovery (TQR),
based on athletes’ recovery perceptions, is a possible
instrument to assess the recovery status across the training
process [28]. The TQR score is frequently applied to examine
perceived exertion, recovery state, and well-being in youth
football players [29 - 31]. Nevertheless, there is a need for
more investigation on the TQR, RPE, sRPE, and external load
cumulative training load. Given the importance of fatigue
recovery status management, it is paramount to understand the
association between perceived exertion, fatigue and external
load [27, 32].
To the best of the authors' knowledge, little is known about
the association between internal and external loads in sub-elite
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youth football training environments [7]. Thus, it will be
possible to better understand the need to monitor in-between
training sessions’ recovery quality to predict players’ readiness
and training intensity. Based on the above-mentioned
information, the main purpose of this study was to examine the
association between training load and recovery status in young
football players. Specifically, the purpose of this study was to
assess the association between perceived exertion (sRPE and
RPE) and recovery status (TQR) and their correlation with
external load indicators across age groups (i.e., U15, U17 and
U19 players).
2. METHODS
2.1. Subjects
Sixty sub-elite youth football players were monitored
during a 6-week period in a sub-elite Portuguese football
academy, among which 20 were under-15 (U15), 20 were
under-17 (U17), and 20 were under-19 (U19) (Table 1).
Table 1. Description of partipants' subsamples.
Variable

U15 (n =
20)

U17 (n =
20)

U19 (n =
20)

Total (n =
60)

Age (years)

13.28 ±
0.49

15.39 ±
0.51

17.29 ±
0.55

15.32 ±
2.01

Heigh (m)

1.69 ± 0.78 1.76 ± 0.48 1.76 ± 0.70 1.69 ± 0.04

Weight (kg)

55.67 ±
9.41

64.28 ±
6.61

68.90 ±
8.39

62.95 ±
6.72

BMI (kg/m2)

19.29 ±
1.99

20.68 ±
1.79

22.11 ±
1.50

20.69 ±
1.41

Experience
(years)

4.8 ± 0.90

6.6 ± 1.65

8.8 ± 1.70

6.73 ± 2.00

Abbreviations:BMI - body max index; U – Under.

All participants, parents or legal guardians were informed
about the study's aims and risks. This study included players
and parents or legal guardians that had signed the informed
consent. The present research was conducted according to the
ethical standards of the Declaration of Helsinki. The
experimental design was approved and followed by the local
Ethical Committee from the University of Trás-os-Montes e
Alto Douro (3379-5002PA67807).
2.2. Design
The daily training load was continuously monitored in the
three age groups during the first month of the 2019-2020
competitive season. Training data account for a total of 18
training sessions and 324 observations. The eligibility criteria
for individual data sets are considered a competitive 1-game
week schedule and complete full training sessions. The
microcycle included 3 training sessions per week with different
durations: U15 = 148.99 min; U17 = 132.46 min; U19 =
195.95 min. The match data were not included in the analysis.
The training sessions had, on average, 18 players. All age
groups were trained on an outdoor pitch with official
dimensions (FIFA standard; 100 × 70 m). The training sessions
were performed on synthetic turf pitches, from 10:00 a.m. to
08:00 p.m. and with similar environment conditions (14–20°C;
relative humidity 52–66%).
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2.3. Methodology
The outfield players were monitored by a portable GPS
throughout the training session (STATSports Apex®, Newry,
Northern Ireland). The GPS device provided raw position,
velocity, and distance at 18 Hz sampling frequencies, including
an accelerometer (100 Hz), a magnetometer (10 Hz), and a
gyroscope (100 Hz). Each player kept this microtechnology
inside a mini pocket of a custom-made vest supplied by the
manufacturer, which was placed on the upper back between
both scapulae. All devices were activated 30 min before the
training data collection to allow for an acceptable clear
reception of the satellite signal. Concerning the optimal signal
for measuring human movement, the matched data considered
eight available satellite signals as the minimum for the
observations [16]. The validity and reliability of global
navigation satellite systems (GNSS) as GPS tracking has been
well established in the literature [16, 17]. The current variables
and thresholds should consider a small error of around 1–2%
reported in the 18 Hz STATSports Apex® units [33].
2.3.1. External Training Load.
The external training loads were obtained with
time–motion data: TD covered (m), AvS (m·min-1), maximal
running speed (MRS) (m·s−1), relative high-speed running
(rHSR) distance (m), HMLD (m), sprinting (SPR) distance
(m), dynamic stress load (DSL) (a.u.), number of ACC and
DEC (n). The GPS software provided information only about
the locomotor categories above 19.8 km·h−1: rHSR (19.8–25.1
km·h−1) and SPR (>25.1 km·h−1). The sprints were measured by
the number and average sprint distance (m). The HMLD is a
metabolic variable defined as the distance, expressed in meters,
covered by a player when the metabolic power exceeds 25.5
W·kg−1. HMLD variables include all high-speed running
accelerations and decelerations above 3 m·s−2 [19, 22]. Both
acceleration variables (ACC/DEC) considered the movements
made in the maximum intensity zone: ACC (> 3 m·s−2) and
DEC (≤ 3 m·s−2). The DSL variables were evaluated by a 100
Hz tri-axial accelerometer embedded with GPS devices, using
three orthogonal axes (X, Y, and Z planes) to measure a
composite magnitude vector (expressed as G force) [19, 22].
The high-intensity activity thresholds were adapted from
previous studies [34, 35]. The GPS variables were recorded for
each player. Training data were excluded from the analysis for
data collection errors, injury events, missing training, or early
withdrawal. The exclusion criteria resulted in the elimination
of 36 observation cases.
2.3.2. Internal Training Load
The RPE scale proposed by Foster et al. [36] modified
Borg’s Category Ratio-10 (CR-10) to monitor the exercise.
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Daily total training load was calculated with the sum of the
accumulated training load using a 15-point Portuguese Borg
Rating of Perceived Exertion 6-20 Scale (Borg RPE 6–20)
[37]. The sRPE was obtained by multiplying the total duration
of training sessions for each individual RPE score (sRPE =
RPE × session duration) following a scale from 6 to 20
(arbitrary unit, a.u.) [23]. In football training, validity has been
well established previously by assessing the correlations
between changes in RPE and heart rate measures [19, 22]. RPE
rating was collected individually at approximately 30 min after
each training session using a Microsoft Excel® spreadsheet.
Players were already familiarized with the procedures to report
RPE in the weeks before data collection.
2.3.3. Recovery Status
Each player was asked to report the TQR score on a scale
from 6 to 20 (arbitrary unit, a.u.) to monitor recovery. This
scale was proposed by Kenttä & Hassmén [28] to measure
athletes’ recovery perceptions. Previous research included the
TQR score examining perceived stress and fatigue in youth
football [29 - 31]. TQR scale application was preceded by
familiarization some weeks before data collection. The TQR
was applied individually approximately 30 min before each
training session using a Microsoft Excel® spreadsheet.
2.4. Statistical Analysis
Descriptive statistics, Kolmogorov-Smirnov and Levene’s
tests were used to assess normality and homogeneity.
Associations between RPE, sRPE, TQR and external load
indicators were calculated using Pearson’s parametric
correlation associated with 95% confidence intervals (95% CI).
The correlation magnitude was classified as: trivial if r ≤ 0.1,
small if r = 0.1–0.3, moderate if r = 0.3–0.5, large if r =
0.5–0.7, and very large if r = 0.7–0.9 and almost perfect if r ≥
0.9 [38, 39]. The intraclass correlation coefficient (ICC) was
used to assess similarities between values for each age group;
values less than 0.5, between 0.5 and 0.75, between 0.75 and
0.9, and greater than 0.90 are indicative of poor, moderate,
good, and excellent reliability, respectively [40]. Data
visualization for correlation matrix coefficients was performed
using an open-source patch routine (RStudio software version
3.6.1). Positive and negative correlations are displayed on a
blue and red scale. Statistical significance was set at p < 0.05.
Data are presented as mean ± one standard deviation (SD). All
statistical analyses were conducted using SPSS for Windows
Version 22.0 (SPSS Inc., Chicago, IL, USA).
3. RESULTS
Table 2 presents the descriptive statistics (mean ± one
standard deviation) and 95% CI for external load, internal load,
and recovery status.

Table 2. Mean training load and recovery status for each age-group examined.
Variables

U15 (n=102)

U17 (n=99)

U19 (n=120)

External load
TD (m)

5316.18 ± 1354.45

6021.45 ± 1675.64

4750.43 ± 1593.46

AvS (m·min-1)

49.96 ± 16.35

56.84 ± 34.51

45.83 ± 15.60

MRS (m·s-1)

6.58 ± 0.82

7.94 ± 3.12

7.43 ± 1.15

rHSR (m)

53.23 ± 58 .34

166.06 ± 458.95

72.41± 65.95
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HMLD (m)

489.11 ± 228.44

730.56 ± 483.38

524.90 ± 291.37

SPR (m)

28.13 ± 41.66

130.42 ± 462.56

40.16 ± 50.43

SPR_N (n)

1.85 ± 2.46

4.83 ± 4.81

3.12 ± 2.92

DSL (a.u.)

247.21 ± 135.86

261.28 ± 121.73

245.19 ± 144.87

ACC (n)

33.62 ± 18.80

53.76 ± 20.62

49.90 ± 20.19

DEC (n)

30.27 ± 19.77

49.77 ± 25.08

44.01 ± 22.53

Internal Load
RPE (a.u.)

13.73 ± 1.91

13.51 ± 1.76

12.45 ± 2.50

sRPE (a.u.)

2056.51 ± 171.87

1835.40 ± 158.71

2497.99 ± 224.69

16.38 ± 1.92

16.24 ± 1.81

15.21 ± 2.16

Recovery Status
TQR (a.u.)

Abbreviations: ACC – Acceleration; AvS – Average Speed; DEC – Deceleration; HMLD - High metabolic load distance; MD – Match day; MRS – Maximum running
speed; n – number of events; RPE – ratings of perceived exertion; SPR - average sprint distance; SPR_N - Number of sprints; sRPE – session ratings of perceived exertion;
TD – Total Distance; TQR – Total Quality Recovery; U – Under.

The association between external load, internal load (i.e.,
sRPE), and recovery status (i.e., TQR) variables are presented
in Table 3 for the different age groups (Table 2). Small to
moderate correlations were observed between internal load
(i.e., sRPE) and external load. The U15 and U17 age groups
presented small correlations for TD and AvS. The U19 age
group showed moderate correlations for ACC and DEC.
Correlations between recovery status (i.e., TQR) and external

load were moderate for the U15 and U19 age groups. U15 age
group presented significant moderate correlations for TD (r = 0.217, p = 0.029), AvS (r = - 0.238, p = 0.016), ACC (r = 0.334, p < 0.001), and DEC (r = - 0.326, p < 0.001). The U17
presented trivial to small correlations for TD (r = - 0.183, p =
0.027), and AvS (r = 0.136, p = 0.018), ACC (r = - 0.316, p <
0.001) and DEC (r = - 0.313, p < 0.001). U19 age group
revealed moderate correlations for MRS (r = 0.282, p = 0.002),
ACC (r = - 0.316, p < 0.001) and DEC (r = - 0.313, p < 0.001).

Table 3. Relationship between training load and recovery status for each age-group examined according Pearson parametric
correlation.
Pearson Parametric Correlation
U15
sRPE vs External Load
TD (m)

Value

95% CI

U17
p

Value

95% CI

U19
p

Value

95% CI

p

-0,22 (-0.21; -0.23) 0.029 -0.18 (-0.17; -0.19) 0.027 0.16 (0.15; 0.16) 0.087

AvS (m·min−1)

0.24

(0.25; 0.23) 0.016

0.14

(0.03; 0.04) 0.018 0.17 (0.16; 0.18) 0.061

MRS (m·s )

0.59

(0.58; 0.62) 0.559

0.03

(0.03; 0.04) 0.793 0.12 (0.11; 0.12) 0.193

rHSR (m)

0.63

(0.62; 0.66) 0.527 -0.07 (-0.07; -0.08) 0.469 -0.06 (-0.05;-0.06) 0.502

HMLD (m)

0.83

(0.79; 0.82) 0.409 -0.14 (-0.13; -0.14) 0.182 0.14

SPR (m)

0.23

(0.22; 0:24) 0.816

0.40

(0.39; 0.42) 0.691 -0.09 (-0.09;-0.10) 0.371 0.02 (0.01; 0.02) 0.865

-1

SPR_N
DSL (a.u.)

0.03

-0.42 (-0.39; -0.44) 0.675 -0.09 (-0.08;-0.09) 0.385 0.13

(0.12;0.14) 0.154

ACC (n)

0.12

(0.12; 0.13) 0.204

DEC (n)

0.58

(0.55; 0.61) 0.560 -0.05 (-0.04; -0:05) 0.635 0.32 (0.30; 0.33) <0.001

TQR vs External Load

Value

TD (m)

95% CI

p

0.09

(0.13;0.14) 0.133

(0.02; 0.03) 0.807 -0.08 (-0.07;-0.08) 0.409

Value

(0.09;0.10) 0.346 0.32 (0.30; 0.33) <0.001
95% CI

p

Value

95% CI

p

-0.14 (-0.14; -0.15) 0.147 -0.03 (-0.03; -0.04) 0.742 0.16 (0.01; 0.02) 0.070

AvS (m·min−-11)

0.24

(0.23; 0.25) 0.015 -0.08 (-0.09; -0.08) 0.412 0.13 (0.12; 0.13) 0.164

MRS (m·s-1)

0.06

(0.06; 0.06) 0.548 -0.10 (-0.09; -0.10) 0.331 0.28 (0.27; 0.29) 0.002

rHSR (m)

0.34

(0.32; 0.36) 0.733 -0.07 (-0.07; -0.08) 0.472 0.12 (0.11; 0.13) 0.188

HMLD (m)

0.11

(0.11; 0.12) 0.266 -0.05 (-0.04; -0.05) 0.643 0.12 (0.11; 0.12) 0.200

SPR (m)

0.02

(0.02; 0.02) 0.854 -0.07 (-0.07; -0.08) 0.479 0.08 (0.08; 0.09) 0.356

SPR_N

-0.26 (-0.25; -0.27) 0.797 -0.10 (-0.09; -0.10) 0.339 0.15 (0.14; 0.15) 0.104

DSL (a.u.)

-0.07 (-0.06; -0.07) 0.511 -0.09 (-0.08; -0.09) 0.389 0.18 (0.17; 0.19) 0.047

ACC (n)

-0.33 (-0.32; -0.35) <0.001 0.06

DEC (n)

-0.33 (-0.31; -0.34) <0.001 -0.07 (-0.07; -0.07) 0.502 0.24 (0.22; 0.25) 0.009
95% CI

p

Value

(0.05; 0.06) 0.586 0.30 (0.29; 0.32) <0.001

TQR vs sRPE

Value

RPE (a.u.)

0.12

(0.12; 0.13) 0.216

0.03

(0.03;0.03) 0.757 0.16

95% CI

p

Value

95% CI

p

sRPE (a.u.)

0.09

(0.09; 0.09) 0.352

0.10

(0.09;0.10) 0.312 -0.01 (-0.01;-0.01) 0.902

(0.16;0.17) 0.071

Abbreviations: ACC – Acceleration; AvS – Average Speed; CI – Confidence Interval; DEC – Deceleration; HMLD - High metabolic load distance; MRS – Maximum
running speed; p – p value; SPR - average sprint distance; SPR_N - Number of sprints; sRPE – session ratings of perceived exertion; TD – Total Distance; TQR – Total
Quality Recovery; U – Under.
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(c)

Fig. (1). Pearson parametric correlations between external load (i.e., TD, HSRr, HMLD, AvS, MRS, SPR, SPR_N, DSL, ACC and DEC), internal
load (i.e. sRPE) and recovery status (i.e. TQR) according age-group: a) Under-15; b) Under-17; c) Under-19. The correlation magnitude was
classified as: trivial if r ≤ 0.1, small if r = 0.1–0.3, moderate if r = 0.3–0.5, large if r = 0.5–0.7, and very large if r = 0.7–0.9 and almost perfect if r ≥
0.9. Abbreviations: ACC – Acceleration; AvS – Average Speed; CI – Confidence Interval; DEC – Deceleration; HMLD - High metabolic load
distance; MRS – Maximum running speed; p – p value; SPR - average sprint distance; SPR_N - Number of sprints; sRPE – session ratings of
perceived exertion; TD – Total Distance; TQR – Total Quality Recovery; U – Under.

Fig. (1) presents the correlation matrix of each age group
for external load, internal load (i.e., sRPE), and recovery status
(i.e., TQR). All age-group presented low values for ICC
(ICCU15 = 0.013, p = 0.387; ICCU17 = 0.036, p = 0.269; ICCU19 =
0.029, p = 0.350).
4. DISCUSSION
The main purpose of this study was to assess the
association between perceived exertion (sRPE and RPE) and
recovery status (TQR) and their correlation with external load
indicators across age groups (i.e., U15, U17 and U19 players).
Current findings reported small to moderate positive
correlations between sRPE and external load. At the same time,
a negative correlation between TQR and external training load
was found only in the U15 age group for ACC and DEC.
Nevertheless, a positive moderate correlation was observed in
the U19 group for ACC, DEC, and MRS. sRPE and TQR
showed no statistically significant correlation for all age
groups.
A small correlation between TD and AvS was observed in
U15 players. The U17 presented trivial to small correlations for
TD, AvS, ACC and DEC. The U19 had a moderate correlation
with ACC and DEC. These findings are in line with
Marynowicz et al. [21] results that reported large, positive
correlations between RPE with TD, player load and ACC (r =
0.70 and 0.62, respectively, p < 0.001). By contrast, the authors
reported also large, positive correlations for players’ load, RPE
and high intensity measures (r = 0.16 to 0.64, p < 0.001).
Another finding observed by Marynowicz’s study was small to
moderate correlations between (r = 0.16 to 0.39, p < 0.001).
Casamichana et al. [34] reported associations for player load
with sRPE (r = 0.70, p < 0.05). TD was associated with player
load and sRPE (r = 0.70 and r = 0.74, all p < 0.05,
respectively). Gaudino et al. [41] reported moderate correlation
of RPE with HSR, body impact and acceleration (r = 0.14, r =

0.09, and r = 0.25, all p < 0.001, respectively). Rago et al. [42]
noted a moderate correlation between MSR and HSR (r = 0.53
to 0.59; p < 0.05). Additionally, the authors reported significant
correlations for total distance, low-speed running, and PL with
the HR-based methods and sRPE (r = 0.71– r = 0.84; p < 0.01).
RPE correlated with HSR and SPR (r = 0.40, r = 0.67; p <
0.01, respectively).
The main novelty of this research was to assess the
associations between external training load, perceived exertion
and total quality recovery in sub-elite youth training
environments. The perceived exertion varies according to age
and competitive level [5 - 8], considering the availed research.
Current research provides new evidence on the magnitude of
the correlations between external, internal, and recovery status
in sub-elite youth football players [7, 43]. Another reason may
be that training sessions are more focused on tactical principles
and collective behaviour in the upper stages [5, 8]. On the other
hand, the training of younger players should be more focused
on constrained tasks and technical skills [5, 44]. Thus, the time
spent in -intensity zones and normalizing session duration may
affect the perceived exertion [8]. Additionally, knowledge of
exercise duration seems to influence the decision to reduce or
increase self-paced pacing and exercise performance [25].
Consequently, a conscious RPE could lead to poor decisions
due to the selection of appropriate self-pacing exercise
intensity [45, 46]. It is reasonable to state that coaches’ staff
are prone to design training programs with more volume and
less intensity for younger players [47, 48]. Additionally, subelite youth football players seem to have a lower perceived
exertion of the accumulated training load [7, 43].
Understanding training load and recovery associations
could contribute to controlling fatigue effects and determining
potential pacing strategies [45, 46]. However, the literature
reported the RPE scale is a physiological and volatile construct
depending on the individual cognitive focus [45, 49, 50]. For
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this reason, RPE can be dissociated from the brain and
peripheral physiological systems through various psychological
mechanisms [45 - 48]. Especially, perceived exertion in young
football players may be influenced by expertise level, selfperception of competence, and practice experience [51, 52].
This happens because sub-elite youth football players are more
likely to have a lower capacity to judge perceived effort, as far
as younger players tend to neglect high perceived exertions
[47, 51]. Another reason is the strong motivation to practice,
which is characteristic of these ages [53].
Concerning the association between recovery status (i.e.,
TQR) and external load, the present results demonstrated
moderate correlations for the U15 and U19 groups. U15
players presented significant correlations for AvS, ACC, and
DEC. The U19 revealed significant correlations with MRS,
ACC, and DEC. Current data suggested that the TQR score is
more correlated with acceleration movements. Consequently,
the recovery status may vary according to the acceleration
profile resulting from the specificity of the training session and
periodization schedule. Brink et al. [29] showed that RPE and
TQR scores did not contribute to performance prediction.
Indeed, the literature reported an association between
accelerations, movements, metabolic demands, and energy
expenditure [15, 54]. Follow-up research should also focus on
the association between recovery status, high-intensity
movements, and metabolic outputs [19, 22].
In the present study, all age groups presented low values
for ICC. This might be due to the maturation status varying
within the age group [55, 56]. As such, biological maturation
and relative age seem to play an important role in players’
development [10, 57]. That may lead to an alternative
hypothesis for the perceived exertion by maturation level and
individualized approach as bio-banding strategies and wellbeing states [58 - 60]. Therefore, age-related influence can be
considered an important factor that may cause between-and
within-individual variability [7, 14]. Likewise, these individual
variabilities must be considered to manage fatigue recovery
status and design customized pacing strategies. Additionally,
linear procedures may underestimate the nonlinearity inherent
in the perceived exertion and recovery status [61] within
individuals. Indeed, RPE findings are difficult to generalize
due to the wide variation according to different training
settings, intra-player variation and coaches’ strategies [62, 63].
Thus, future studies should include individualized
thresholds for measuring training load [64, 65]. Applying
nonlinear analysis approaches can amortize the inconsistency
in perceived reporting [66, 67]. That may occur because of a
higher sRPE and RPE, associated with a less recovery status
between training sessions [7, 43]. One should also consider the
positional role, training mode, player’s starting status, and
contextual factors [22]. GPS reliability has been extensively
scrutinized in the literature, and its accuracy has improved with
increasing sampling frequency for satellite signal processing
[16, 33]. Several papers reported that the total distance is the
most reliable parameter; on the contrary, other ones, such as
acceleration and deceleration, are crucially unreliable. In fact,
according to Buchheit et al. [68] and Malone et al. [69], not all
parameters downloaded using GPS devices can provide reliable
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results and strong funding, and in this case, this limitation
could affect the solidness of results. Future researchers should
develop composition equations using a reduction approach
such as principal component analysis to extract meaning in
emerging new source information [17].
The current study presents some limitations: (i) data refer
to only 6 weeks of training, and the sample size is rather small
to examine seasonal variation; (ii) data are only representative
of local sub-elite football academy performance level, and
caution should be exercised and extrapolated to other youth
training environments or performance levels; (iii) the present
study analyzed the overall training session disregarding the
training mode for each training exercise and other factors, such
as training day, playing position and periodization structure
[22, 43]; (iv) maturation status [10, 60], well-being variables
[58, 59] and metabolic outputs were not reported [34, 35]; (v)
the relationship amongst training and match-play has also not
been considered [70 - 72].
5. PRACTICAL APPLICATIONS
This study provides new insights on the association
between training load and recovery status in young football
training. Researchers, coaches, sports analysts, and
practitioners should be aware of the age-related differences to
apply perceived scales and analyze the interdependence
between internal and external training loads. Younger football
players seem to have a lower perceived exertion on the
accumulated training load. Likewise, inter- and intra-individual
variability must be considered to manage fatigue recovery
status and design customized pacing strategies. Finally, an
individualized approach may optimize high-intensity efforts,
which were perceived differently according to the competitive
level. Higher sRPE and RPE may be associated with a lower
recovery status between training sessions. Nonetheless,
concerning sub-elite younger players, the recovery status plays
a minor role due to a low perceived exertion.
CONCLUSION
The present study analyzed the association between
perceived exertion, recovery status and external training load in
sub-elite youth football according to age group (i.e., U15, U17,
and U19 players). Sub-elite youth football players were more
likely to have a lower capacity to judge perceived exertion.
Additionally, recovery status was positively correlated with
acceleration and deceleration activities. Finally, this research
provides a new overview of training load and recovery in subelite youth training environments.
LIST OF ABBREVIATIONS
ACC

=

Number of Accelerations

ACC/DEC

=

Acceleration Variables

AvS

=

Average Speed

CD

=

Central Defenders

CM

=

Central Midfielders

CR-10

=

Borg’s Category Ratio-10

DEC

=

Number of Decelerations

Training Load and Recovery in Sub-elite Youth Football.

REFERENCES

DSL

=

Dynamic Stress Load

FB

=

Fullbacks

FW

=

Forwards

GK

=

Goalkeepers

GNSS

=

Global Navigation Satellite Systems

GPS

=

Global Positioning System Technology

HMLD

=

High Metabolic Load Distance

ICC

=

Intra-class Correlation Coefficient

MD

=

“Match Day minus format”

MEMS

=

Micro-Electromechanical Systems

MRS

=

Maximal Running Speed

rHSR

=

relative High-speed Running Distance

RPE

=

Rating of Perceived Exertion

SD

=

Standard Deviation

SPR

=

Sprinting Distance

sRPE

=

Session Rating of Perceived Exertion

TD

=

Total Distance Covered

TQR

=

Total Quality Recovery

U15

=

Under-15

U17

=

Under-17

U19

=

Under-19

WM

=

Wide Midfielders

ETHICS
APPROVAL
PARTICIPATE

The Open Sports Sciences Journal, 2022, Volume 15 7

[1]

[2]

[3]

[4]

[5]

[6]

[7]

AND

[8]

CONSENT

TO

The experimental approach was approved and followed by
the local Ethical Committee from the University of Trás-osMontes & Alto Douro (3379-5002PA67807).
HUMAN AND ANIMAL RIGHTS

[9]

[10]

No Animals were used that are the basis of this study.
CONSENT FOR PUBLICATION
All participants, parents or legal guardians were informed
about the study's aims and risks. The study includes only
players and parents or legal guardians that have signed the
informed consent.
AVAILABILITY OF DATA AND MATERIALS

[11]

[12]

[13]

Not applicable.
FUNDING
This project was supported by the National Funds through
FCT - Portuguese Foundation for Science and Technology
(UIDB/DTP/04045/2020).

[14]

[15]

CONFLICTS OF INTEREST
The authors declare no potential conflict of interest.

[16]

ACKNOWLEDGEMENTS
The authors acknowledge all coaches and playing staff for
cooperating during all collection procedures.

[17]

Cobley S, Baker J, Wattie N, McKenna J. Annual age-grouping and
athlete development: A meta-analytical review of relative age effects
in sport. Sports Med 2009; 39(3): 235-56.
[http://dx.doi.org/10.2165/00007256-200939030-00005]
[PMID:
19290678]
Ford P, De Ste Croix M, Lloyd R, et al. The long-term athlete
development model: Physiological evidence and application. J Sports
Sci 2011; 29(4): 389-402.
[http://dx.doi.org/10.1080/02640414.2010.536849] [PMID: 21259156]
Lord F, Pyne DB, Welvaert M, Mara JK. Methods of performance
analysis in team invasion sports: A systematic review. J Sports Sci
2020; 38(20): 2338-49.
[http://dx.doi.org/10.1080/02640414.2020.1785185]
[PMID:
32583724]
Ferraz R, Forte P, Branquinho L, Teixeira J, Neiva H, Marinho D, et
al. The performance during the exercise: Legitimizing the
psychophysiological approach. In IntechOpen: Exercise Physiology
2022.
Abade EA, Gonçalves BV, Leite NM, Sampaio JE. Time-motion and
physiological profile of football training sessions performed by
under-15, under-17 and under-19 elite Portuguese players. Int J Sports
Physiol Perform 2014; 9(3): 463-70.
[http://dx.doi.org/10.1123/ijspp.2013-0120] [PMID: 23920425]
Wrigley R, Drust B, Stratton G, Scott M, Gregson W. Quantification
of the typical weekly in-season training load in elite junior soccer
players. J Sports Sci 2012; 30(15): 1573-80.
[http://dx.doi.org/10.1080/02640414.2012.709265] [PMID: 22852843]
Teixeira JE, Forte P, Ferraz R, et al. Quantifying sub-elite youth
football weekly training load and recovery variation. Appl Sci (Basel)
2021; 11(11): 4871.
[http://dx.doi.org/10.3390/app11114871]
Coutinho D, Gonçalves B, Figueira B, Abade E, Marcelino R,
Sampaio J. Typical weekly workload of under 15, under 17, and under
19 elite Portuguese football players. J Sports Sci 2015; 33(12):
1229-37.
[http://dx.doi.org/10.1080/02640414.2015.1022575]
[PMID:
25789549]
Akubat I, Patel E, Barrett S, Abt G. Methods of monitoring the
training and match load and their relationship to changes in fitness in
professional youth soccer players. J Sports Sci 2012; 30(14): 1473-80.
[http://dx.doi.org/10.1080/02640414.2012.712711] [PMID: 22857397]
Teixeira JE, Alves AR, Ferraz R, et al. Effects of chronological age,
relative age, and maturation status on accumulated training load and
perceived exertion in young sub-elite football players. Front Physiol
2022; 13832202
[http://dx.doi.org/10.3389/fphys.2022.832202] [PMID: 35432006]
Clemente FM, Rabbani A, Kargarfard M, Nikolaidis PT, Rosemann T,
Knechtle B. Session-to-session variations of external load measures of
youth soccer players in medium-sided games. Int J Environ Res Public
Health 2019; 16(19): 3612.
[http://dx.doi.org/10.3390/ijerph16193612] [PMID: 31561570]
Impellizzeri FM, Rampinini E, Marcora SM. Physiological assessment
of aerobic training in soccer. J Sports Sci 2005; 23(6): 583-92.
[http://dx.doi.org/10.1080/02640410400021278] [PMID: 16195007]
Bourdon PC, Cardinale M, Murray A, et al. Monitoring athlete
training loads: Consensus statement. Int J Sports Physiol Perform
2017; 12(s2)(Suppl. 2): S2-161-, S2-170.
[http://dx.doi.org/10.1123/IJSPP.2017-0208] [PMID: 28463642]
Impellizzeri FM, Marcora SM, Coutts AJ. Internal and external
training load: 15 years on. Int J Sports Physiol Perform 2019; 14(2):
270-3.
[http://dx.doi.org/10.1123/ijspp.2018-0935] [PMID: 30614348]
Vanrenterghem J, Nedergaard NJ, Robinson MA, Drust B. Training
load monitoring in team sports: A novel framework separating
physiological and biomechanical load-adaptation pathways. Sports
Med 2017; 47(11): 2135-42.
[http://dx.doi.org/10.1007/s40279-017-0714-2] [PMID: 28283992]
Linke D, Link D, Lames M. Validation of electronic performance and
tracking systems EPTS under field conditions. PLoS One 2018;
13(7)e0199519
[http://dx.doi.org/10.1371/journal.pone.0199519] [PMID: 30036364]
Rojas-Valverde D, Gómez-Carmona CD, Gutiérrez-Vargas R, PinoOrtega J. From big data mining to technical sport reports: The case of
inertial measurement units. BMJ Open Sport Exerc Med 2019;
5(1)e000565

8 The Open Sports Sciences Journal, 2022, Volume 15

[18]

[19]

[20]

[21]

[22]

[23]

[24]

[25]

[26]

[27]

[28]

[29]

[30]

[31]

[32]

[33]

[34]

[35]

[http://dx.doi.org/10.1136/bmjsem-2019-000565] [PMID: 31673403]
Gómez-Carmona CD, Bastida-Castillo A, Ibáñez SJ, Pino-Ortega J.
Accelerometry as a method for external workload monitoring in
invasion team sports. A systematic review. PLoS One 2020;
15(8)e0236643
[http://dx.doi.org/10.1371/journal.pone.0236643] [PMID: 32841239]
Miguel M, Oliveira R, Loureiro N, García-Rubio J, Ibáñez SJ. Load
measures in training/match monitoring in soccer: A systematic review.
Int J Environ Res Public Health 2021; 18(5): 2721.
[http://dx.doi.org/10.3390/ijerph18052721] [PMID: 33800275]
Maughan P, Swinton P, MacFarlane N. Relationships between training
load variables in professional youth yootball players. Int J Sports Med
2021; 42(7): 624-9.
[http://dx.doi.org/10.1055/a-1300-2959] [PMID: 33260250]
Marynowicz J, Kikut K, Lango M, Horna D, Andrzejewski M.
Relationship between the session-RPE and external measures of
training load in youth soccer training. J Strength Cond Res 2020;
34(10): 2800-4.
[http://dx.doi.org/10.1519/JSC.0000000000003785]
[PMID:
32773542]
Teixeira JE, Forte P, Ferraz R, et al. Monitoring accumulated training
and match load in football: A systematic review. Int J Environ Res
Public Health 2021; 18(8): 3906.
[http://dx.doi.org/10.3390/ijerph18083906] [PMID: 33917802]
Haddad M, Stylianides G, Djaoui L, Dellal A, Chamari K. SessionRPE method for training load monitoring: Validity, ecological
usefulness, and influencing factors. Front Neurosci 2017; 11: 612.
[http://dx.doi.org/10.3389/fnins.2017.00612] [PMID: 29163016]
Impellizzeri FM, Rampinini E, Coutts AJ, Sassi A, Marcora SM. Use
of RPE-based training load in soccer. Med Sci Sports Exerc 2004;
36(6): 1042-7.
[http://dx.doi.org/10.1249/01.MSS.0000128199.23901.2F] [PMID:
15179175]
Clemente FM, Rabbani A, Araújo JP. Ratings of perceived recovery
and exertion in elite youth soccer players: Interchangeability of 10point and 100-point scales. Physiol Behav 2019; 210112641
[http://dx.doi.org/10.1016/j.physbeh.2019.112641] [PMID: 31377310]
Maughan PC, MacFarlane NG, Swinton PA. Relationship between
subjective and external training load variables in youth soccer players.
Int J Sports Physiol Perform 2021; 1(aop): 1-7.
[http://dx.doi.org/10.1123/ijspp.2019-0956]
Halson SL. Monitoring training load to understand fatigue in athletes.
Sports Med 2014; 44(S2)(Suppl. 2): 139-47.
[http://dx.doi.org/10.1007/s40279-014-0253-z] [PMID: 25200666]
Kenttä G, Hassmén P. Overtraining and Recovery. Sports Med 1998;
26(1): 1-16.
[http://dx.doi.org/10.2165/00007256-199826010-00001]
[PMID:
9739537]
Brink MS, Nederhof E, Visscher C, Schmikli SL, Lemmink KAPM.
Monitoring load, recovery, and performance in young elite soccer
players. J Strength Cond Res 2010; 24(3): 597-603.
[http://dx.doi.org/10.1519/JSC.0b013e3181c4d38b]
[PMID:
20145570]
Sawczuk T, Jones B, Scantlebury S, Till K. Relationships between
training load, sleep duration, and daily well-being and recovery
measures in youth athletes. Pediatr Exerc Sci 2018; 30(3): 345-52.
[http://dx.doi.org/10.1123/pes.2017-0190] [PMID: 29478381]
Clemente FM, Silva AF, Alves AR, et al. Variations of estimated
maximal aerobic speed in children soccer players and its associations
with the accumulated training load: Comparisons between non, low
and high responders. Physiol Behav 2020; 224113030
[http://dx.doi.org/10.1016/j.physbeh.2020.113030] [PMID: 32593751]
Djaoui L, Haddad M, Chamari K, Dellal A. Monitoring training load
and fatigue in soccer players with physiological markers. Physiol
Behav 2017; 181: 86-94.
[http://dx.doi.org/10.1016/j.physbeh.2017.09.004] [PMID: 28886966]
Nikolaidis PT, Clemente FM, van der Linden CMI, Rosemann T,
Knechtle B. Validity and reliability of 10-Hz global positioning system
to assess in-line movement and change of direction. Front Physiol
2018; 9: 228.
[http://dx.doi.org/10.3389/fphys.2018.00228] [PMID: 29599725]
Casamichana D, Castellano J, Calleja-Gonzalez J, San Román J,
Castagna C. Relationship between indicators of training load in soccer
players. J Strength Cond Res 2013; 27(2): 369-74.
[http://dx.doi.org/10.1519/JSC.0b013e3182548af1] [PMID: 22465992]
Rago V, Brito J, Figueiredo P, et al. Methods to collect and interpret
external training load using microtechnology incorporating GPS in

Teixeira et al.

[36]

[37]

[38]

[39]

[40]

[41]

[42]

[43]

[44]

[45]

[46]

[47]

[48]

[49]

[50]

[51]

professional football: a systematic review. Res Sports Med 2020;
28(3): 437-58.
[http://dx.doi.org/10.1080/15438627.2019.1686703]
[PMID:
31755307]
Foster C, Florhaug JA, Franklin J, et al. A new approach to monitoring
exercise training. J Strength Cond Res 2001; 15(1): 109-15.
[PMID: 11708692]
Cabral LL, Nakamura FY, Stefanello JMF, Pessoa LCV, Smirmaul
BPC, Pereira G. Initial validity and reliability of the Portuguese Borg
rating of perceived exertion 6-20 scale. Meas Phys Educ Exerc Sci
2020; 24(2): 103-14.
[http://dx.doi.org/10.1080/1091367X.2019.1710709]
Hopkins WG, Marshall SW, Batterham AM, Hanin J. Progressive
statistics for studies in sports medicine and exercise science. Med Sci
Sports Exerc 2009; 41(1): 3-12.
[http://dx.doi.org/10.1249/MSS.0b013e31818cb278]
[PMID:
19092709]
Barbosa TM, Ramos R, Silva AJ, Marinho DA. Assessment of passive
drag in swimming by numerical simulation and analytical procedure. J
Sports Sci 2018; 36(5): 492-8.
[http://dx.doi.org/10.1080/02640414.2017.1321774]
[PMID:
28453398]
Koo TK, Li MY. A guideline of selecting and reporting intraclass
correlation coefficients for reliability research. J Chiropr Med 2016;
15(2): 155-63.
[http://dx.doi.org/10.1016/j.jcm.2016.02.012] [PMID: 27330520]
Gaudino P, Iaia FM, Strudwick AJ, et al. Factors influencing
perception of effort (session rating of perceived exertion) during elite
soccer training. Int J Sports Physiol Perform 2015; 10(7): 860-4.
[http://dx.doi.org/10.1123/ijspp.2014-0518] [PMID: 25671338]
Rago V, Brito J, Figueiredo P, Krustrup P, Rebelo A. Relationship
between external load and perceptual responses to training in
professional football: Effects of quantification method. Sports (Basel)
2019; 7(3): 68.
[http://dx.doi.org/10.3390/sports7030068] [PMID: 30884900]
Oliveira R, Brito JP, Moreno-Villanueva A, Nalha M, Rico-González
M, Clemente FM. Reference values for external and internal training
intensity monitoring in young male soccer players: A systematic
review. Healthcare (Basel) 2021; 9(11): 1567.
[http://dx.doi.org/10.3390/healthcare9111567] [PMID: 34828613]
Branquinho LC, Ferraz R, Marques MC. The continuous and
fractionated game format on the training load in small sided games in
soccer. Open Sports Sci J 2020; 13(1): 81-5.
[http://dx.doi.org/10.2174/1875399X02013010081]
Ferraz R, Gonçalves B, Van Den Tillaar R, Jiménez Sáiz S, Sampaio J,
Marques MC. Effects of knowing the task duration on players’ pacing
patterns during soccer small-sided games. J Sports Sci 2018; 36(1):
116-22.
[http://dx.doi.org/10.1080/24733938.2017.1283433]
[PMID:
28134013]
Ferraz R, Gonçalves B, Coutinho D, Marinho DA, Sampaio J,
Marques MC. Pacing behaviour of players in team sports: Influence of
match status manipulation and task duration knowledge. Ardigò LP,
editor PLoS One 2018; 13(2): e0192399.
Branquinho L, Ferraz R, Travassos B, Marinho DA, Marques MC.
Effects of different recovery times on internal and external load during
small-sided games in soccer. Sports Health 2021; 13(4): 324-31.
[http://dx.doi.org/10.1177/1941738121995469] [PMID: 33622118]
Branquinho L, Ferraz R, Travassos B, C Marques M. Comparison
between continuous and fractionated game format on internal and
external load in small-sided games in soccer. Int J Environ Res Public
Health 2020; 17(2): 405.
[http://dx.doi.org/10.3390/ijerph17020405] [PMID: 31936244]
Renfree A, Martin L, Micklewright D, St Clair Gibson A. Application
of decision-making theory to the regulation of muscular work rate
during self-paced competitive endurance activity. Sports Med 2014;
44(2): 147-58.
[http://dx.doi.org/10.1007/s40279-013-0107-0] [PMID: 24113898]
St Clair Gibson A, Lambert EV, Rauch LHG, et al. The role of
information processing between the brain and peripheral physiological
systems in pacing and perception of effort. Sports Med 2006; 36(8):
705-22.
[http://dx.doi.org/10.2165/00007256-200636080-00006]
[PMID:
16869711]
Erikstad MK, Haugen T, Høigaard R. Positive environments in youth
football. German J Exercise Sport Res 2018; 48(2): 263-70.
[http://dx.doi.org/10.1007/s12662-018-0516-1]

Training Load and Recovery in Sub-elite Youth Football.

[52]

[53]

[54]

[55]

[56]

[57]

[58]

[59]

[60]

[61]

[62]

Kasai D, Parfitt G, Tarca B, Eston R, Tsiros MD. The use of ratings of
perceived exertion in children and adolescents: A scoping review.
Sports Med 2021; 51(1): 33-50.
[http://dx.doi.org/10.1007/s40279-020-01374-w] [PMID: 33206334]
Leo FM, Calvo TG, Sánchez PA, Gómez FR, Sánchez D. Importance
of the motivational climates of the other significatives on sport
behaviours in Young athletes. Eur J Hum Mov 2008; 21: 119-36.
Osgnach C, Poser S, Bernardini R, Rinaldo R, Di Prampero PE.
Energy cost and metabolic power in elite soccer: A new match
analysis approach. Med Sci Sports Exerc 2010; 42(1): 170-8.
[http://dx.doi.org/10.1249/MSS.0b013e3181ae5cfd]
[PMID:
20010116]
Malina RM, Rogol AD, Cumming SP, Coelho e Silva MJ, Figueiredo
AJ. Biological maturation of youth athletes: Assessment and
implications. Br J Sports Med 2015; 49(13): 852-9.
[http://dx.doi.org/10.1136/bjsports-2015-094623] [PMID: 26084525]
Perroni F, Vetrano M, Guidetti L, Baldari C. Is self-administered
rating scale for pubertal development a predictor of countermovement
jump in young soccer players? Open Sports Sci J 2017; 10(1): 122-31.
[http://dx.doi.org/10.2174/1875399X01710010122]
Cumming SP, Lloyd RS, Oliver JL, Eisenmann JC, Malina RM. Biobanding in sport: Applications to competition, talent identification, and
strength and conditioning of youth athletes. Strength Condit J 2017;
39(2): 34-47.
[http://dx.doi.org/10.1519/SSC.0000000000000281]
Oliveira R, Ceylan Hİ, Brito JP, et al. Within- and between-mesocycle
variations of well-being measures in top elite male soccer players: A
longitudinal study. J Men’s Health 2022; 18(4): 94.
[http://dx.doi.org/10.31083/j.jomh1804094]
Oliveira R, Brito JP, Martins A, et al. In-season internal and external
training load quantification of an elite European soccer team. PLoS
One 2019; 14(4)e0209393
[http://dx.doi.org/10.1371/journal.pone.0209393] [PMID: 31009464]
Nobari H, Silva AF, Clemente FM, et al. Analysis of fitness status
variations of under-16 soccer players over a season and their
relationships with maturational status and training Load. Front Physiol
2021; 11597697
[http://dx.doi.org/10.3389/fphys.2020.597697] [PMID: 33613301]
Bartlett JD, O’Connor F, Pitchford N, Torres-Ronda L, Robertson SJ.
Relationships between internal and external training load in team-sport
athletes: Evidence for an individualized approach. Int J Sports Physiol
Perform 2017; 12(2): 230-4.
[http://dx.doi.org/10.1123/ijspp.2015-0791] [PMID: 27194668]
Lupo C, Ungureanu AN, Frati R, Panichi M, Grillo S, Brustio PR.
Player session rating of perceived exertion: A more valid tool than
coaches’ ratings to monitor internal training load in elite youth female

The Open Sports Sciences Journal, 2022, Volume 15 9

[63]

[64]

[65]

[66]

[67]

[68]

[69]

[70]

[71]

[72]

basketball. Int J Sports Physiol Perform 2019; 15(4): 1-6.
[PMID: 31693998]
Lupo C, Capranica L, Cortis C, Guidotti F, Bianco A, Tessitore A.
Session-RPE for quantifying load of different youth taekwondo
training sessions. J Sports Med Phys Fitness 2017; 57(3): 189-94.
[http://dx.doi.org/10.23736/S0022-4707.16.06021-X]
[PMID:
26796074]
Abt G, Lovell R. The use of individualized speed and intensity
thresholds for determining the distance run at high-intensity in
professional soccer. J Sports Sci 2009; 27(9): 893-8.
[http://dx.doi.org/10.1080/02640410902998239] [PMID: 19629838]
Rago V, Brito J, Figueiredo P, Krustrup P, Rebelo A. Application of
individualized speed zones to quantify external training load in
professional soccer. J Hum Kinet 2020; 72(1): 279-89.
[http://dx.doi.org/10.2478/hukin-2019-0113] [PMID: 32269668]
Coutinho D, Gonçalves B, Travassos B, Folgado H, Figueira B,
Sampaio J. Different marks in the pitch constraint youth players’
performances during football small-sided games. Res Q Exerc Sport
2020; 91(1): 15-23.
[http://dx.doi.org/10.1080/02701367.2019.1645938]
[PMID:
31479411]
Teixeira J, Forte P, Ferraz R, Branquinho L, Silva A, Barbosa T, et al.
Methodological procedures for non-linear analyses of physiological
and behavioural data in football, In IntechOpen: Exercise Physiology.
2022.
Buchheit M, Haddad HA, Simpson BM, et al. Monitoring
accelerations with GPS in football: Time to slow down? Int J Sports
Physiol Perform 2014; 9(3): 442-5.
[http://dx.doi.org/10.1123/ijspp.2013-0187] [PMID: 23916989]
Malone JJ, Lovell R, Varley MC, Coutts AJ. Unpacking the black box:
Applications and considerations for using GPS devices in sport. Int J
Sports Physiol Perform 2017; 12(s2)(Suppl. 2): S2-18-, S2-26.
[http://dx.doi.org/10.1123/ijspp.2016-0236] [PMID: 27736244]
Silva R, Camões M, Barbosa A, Badicu G, Nobari H, Bernardo A, et
al. Relationship between training load and match running performance
in men’s soccer. J Men’s Health 2021; 17(4): 92-8.
Teixeira JE, Leal M, Ferraz R, et al. Effects of match location, quality
of opposition and match outcome on match running performance in a
Portuguese professional football team. Entropy (Basel) 2021; 23(8):
973.
[http://dx.doi.org/10.3390/e23080973] [PMID: 34441113]
Gonçalves B, Coutinho D, Exel J, Travassos B, Lago C, Sampaio J.
Extracting spatial-temporal features that describe a team match
demands when considering the effects of the quality of opposition in
elite football. PLoS One 2019; 14(8): e0221368.
[http://dx.doi.org/10.1371/journal.pone.0221368] [PMID: 31437220]

© 2022 Teixeira et al.
This is an open access article distributed under the terms of the Creative Commons Attribution 4.0 International Public License (CC-BY 4.0), a copy of which is
available at: https://creativecommons.org/licenses/by/4.0/legalcode. This license permits unrestricted use, distribution, and reproduction in any medium, provided the
original author and source are credited.

